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Text Conversation Code Images
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o Autonomous Systems by Reasoning
*‘q (TaskMatrix.Al D 151)

——

{

.
S— “replace the sofa in this image with a desk and then make it like
: a water-color painting”
Action 1:
Replace Something From The Photo Thought: Do | need to use a tool?  Action Input: image/5737_replace-
“couch, desk” Yes something_9bb5e03b_9bb5e03b.pn

Action: Replace Something From g, make it like a water-color painting

£ The Phot Ob tion:
, !q e Photo servation

Action Input: image/9bb5e03b.png, gh;r?ge/WOe_plep|x_5737_9bb5e03

couch, desk

o Thought: Do | ?
Observation: image/5737 _replace- NOOug t: Do | need to use a too

something_9bb5e03b_9bb5e03b.pn

Action 2;

I I Using T g Al: Here is the image you requested.
nstruct Image Using Text : o
" . e Thought: Do | need to use a tool?  ![image/770e_pix2pix_5737_9bb5e0
make it like a water-color painting Yes 3b.pngi(image/770e_pix2pix 5737 9
bb5e03b.png)

Action: Instruct Image Using Text

F—F T FFMIL TS
https.//tsmatz.wordpress.com/2023/03/07/react-with-openai-gpt-and-langchain/



GPT-4 Turbo

with Vision

Extract all text from the image
n sorry It I'm unabie to provide the tull extraction of the text as parts of the Image are censored. nHowever can read the visibie words
4 a8 MAre ~rdc Ar a Airffarant turno nf accictanca ~ ~ OO nfarmatia ¥
vhich are walk” and steak yWou yC Ke more ¥Orgs or a ere ype Of assistance? It you need information
on the con ete text, please proviage a e Dred vers 1 Of the iImage. |'m here to heip! = f there s anything eise you need
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Sure, let me help you with that. To find the length of
the formula a® * B2 = ¢ Plugging in the vaiues, we get 4) 4

approximately 8.94.
To find the angle at the green arrow, we ¢
Taking the inverse tangent of both sides, w )

edge is approximately

So, the length of the blue

the tangent function. Since we know that tan® = opposite/a

4 and the angl

Q
e

How long i¢ thic edge?

What ic the angle here?

L)

90°

00 =~

Answer the question in the following figure. Provide intermediate steps.

we know that the triangle is a right triangle, we can use

the blue edge, we can use the Pythagorean theorem. Since w
< =¢2. Simplifying, we get 16 + 64 = ¢ % %¥ =2, Taking the square root of both sides, we get ¢ = V80 or

jacent, we can plug in the val

d

tan”-1(1/2) or approximately 26.57°.

e at the green arrow is approximately




Prompt:
Please determine whether each person in the image wears a heimet or not And summarize how many people

are wearing helmets.

Thought 1 ‘This question requires detecting people in the image.
Action 1

Observation1 Person [4, 126, 72, 175]

Assistant, detect the people shown in this image <ImagePath>

Watching Videos

Prompt:
Transcribe the video content, given the frames beloy

First up, we have North Ca

trails,

Hi everyone,
State.

scad
's @ must-visit for anv nature lover.

natyexplora here and today 'm going to be sharing 7 places you need to visit in Washington

National Park. This park

iled with beautiful mountain viey

Watching Videos
Prompt:

Explain the story shown in the images below

A

200, S
TRILLION 300 &

and hiking

Notification Understanding

Prompt:

Imagine that you are a robot operating a phone. Like how humans|
toan icon, click an icon with your finger, scroll down a screen, o t|

Below is what you see on
involves moving your

hone screen. Describe the image
ger to an icon, describe the location of thal

™ yykhahah
7) | see you are in Seattle, let's meet up.
Settings

A0

— =

Web Browsing (Today's News)

Prompt:
Read the article shown in the images below and summarize it

Evaluation of Generated Images (Prompt-Image Alignment)

Prompt:

Whatis happening in the image? From scale 1 to 10,
decide how similar the image is to the text prompt "a
parrot driving a car"?

GPT4V:

In the image, there is a dolphin jumping out of the
water. On a scale of 1 to 10, | would rate this image a
1 in similarity to the text prompt "a parrot driving a
car" as there is no parrot or car present in the image.

Prompt:

Whatis happening in the image? From scale 1 to 10,
decide how similar the image s o the text prompt "a
parrot driving a car"?

GPT-4V:

In the image, there is a parrot fiying in the sky with
trees and clouds in the background. | wouid rate this
image a 2 in similarity to the text prompt "a parrot
driving a car” as there is a parrot present in the
image, butitis not driving a car.

The Dawn of LMMs: Preliminary Explorations with GPT-4V/(ision)
hitps.//arxiv.org/abs/2309.1 7421

volves moving the mouse, describe the loci

‘The prompt | used to edit this image is “have it Iook like a graphic nover”

The edited image | got is:

GPT4V:

In the image, there are two parrots, one red and one yellow, on top of
steering wheel and appears to be driving the car. On a scale of 1 to 1(
similarity to the text prompt "a parrot driving a car". The only reason it
parrots in the image, rather than just one as the prompt suggests.

Tell me how I should change my prompt to make the edited image better.

GPT-4V:
Instead of using the prompt *have it look like a graphic novel", you could try being more specific with the
prompt to guide the Al in the direction you want the image to go. For example, you could use prompts

Evaluation of Generated Images (Prompt-image Alignment) position, | can see the fridge on the right side of the kitchen. My next action would be to gV

Prompt:

What is happening in the image? From scale 1 to
10, decide how similar the image is to the text
prompt “a cake on the table with word *Azure
Research” written on it"?

Pre

Whatis happening i the image? From scale 1 to
0, decide how similar the image is to the t

prompt “a cake on the table with word “Azure

Research’ written on it"?

d tum slightly to the right to approach the fridge

at you are a home robot, and is asked to go to the kitchen to fetch something from the fridge.
ious tum, you were at the position shown in the below image:

loday’s News)

Note: Same image from the previous turn, resized

in the images below and summa
to save space

ILITICO

| taken in previous tum is: move forward and tum slightly to the right to approach the fridge.

Now, let's look at the operating panel of the coffee machine in the image below, which button shc

26 OZ coffee: left, right, top or bottom button?

such as “make the image look like a biack and white comic book illustration” or “add bold lines and high
contrast to the image to make it look like a graphic novel cover”. This could help the Al better understand
the aesthetic you are going for and produce a more refined edited image.

Instruct Pix2Pix:

With original image and prompt “make
the image look like a black and
white comic book illustration” as
the input

With original image and prompt "add
bold lines and high contrast to the
image to make it look like a graphic
novel cover” as the input

lquestion accurately as no context or information is |
truction and the presence of emergency responders|

The video content is a recipe tutorial for strawberry stuffed French toast. The vide|
by the user ‘mealtime with mummy". The video has 13 2K likes and 190 comment|
In the first frame, we see a white plate with a doliop of red sauce and a doliop of w|
shows the plate with the red sauce and white cream mixed together. The third frar

The fourth frame shows a plate with a circular piece of bread on it. The fifth frame
spread a pink mixture onto the bread. The sixth frame shows the bread with the pi
another piece of bread, making a sandwich.

The seventh frame shows a hand dipping the sandwich into a bowl of beaten eggs
sandwich being fried in a pan. The final frame shows the finished strawbery stuffe
The video is set to the song "Stayin' Alive” by the Bee Gees. The caption reads °S

GPT-4V.

In the image, there is a cake on  table with the
words ¥Azuz6 Research written on it. | would rate
this image an 8 out of 10 in similarity to the text
prompt “a cake on the table with word ‘Azure
Research’ written on it” because the only.
difference s the misspeling of "Azure" as.

Azuze "

In the image, there is a blue cake on a table with
the word FARAUIE written on it. On a scale of 1 to
10, | wouid rate this image a 6 in terms of similarity
o the text prompt "a cake on the table with word
*Azure Research' written on it

The image does show a cake on a table, but the
word written on the cake is not an exact match to
the text prompt. The color of the cake is also blue,
which could be seen as similar to the word "Azure”
in the prompt.

int doubles down after

5 what you can see from there. What is your next action?
e s reluctance on
'to NATO

h area.

Emma

Note: Same query image as shoy

save space



https://arxiv.org/abs/2309.17421

Input: Image

Conversation Conversation

What is on the left side of the right laptop? Whatis on the left side of the right laptop?

On the left side of the right laptop, thereis a Onthe left side of the right laptop (humbered
cupormug. X as 9), thereis a lamp, which is numbered as
12.

| want to find a seat close to windows, where | want to find a seat close to windows, where
canlsit? canlsit?

You can siton either of the two black chairs You cansiton the chair numberedas 7. It's
in front of the white desks, asthey are the closestseattothe windows (represented
closestto the windowedwall. X by the areanumberedas 1). +/“

Hi 8 : Set-of-Mark Prompting Unleashes Extraordinary Visual Grounding in GPT-4V
https://arxiv.org/abs/2310.11441



https://arxiv.org/abs/2310.11441
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France VanArsdel Biodegradable Cleaning Products Low 4345 $10 5352 $1.529,440 $15,294 $1,514,146

’ Create content with Copilot USA Vandrsdel Biodegradable Cleaning Products Low 4225 $10 2 $1.494,240 $14,942 $1,479,268

trolia VanArsdel ™ leaning Products. 4124 1 1,451, 1,451,
P — A press release for... | | A prajsct proposal about.. | [ Austroti andrsdol Biodegradable Cleaning Products None 2 $10 $1,451,648 80 $1,451,648
Mexico Vanirsdel Biodegradable Cleaning Products Medism $1.391,808 $1,308.300
France Contoso Pharmaceuticals  Biodegradable Cleaning Products Low $628,904 $622615
France Contoso Pharmaceuticals  Recycled Can Low $622.681 $616,454

Canada Proseware Natural Pecsonsl Care Products  Low $590,108 $584,207

Canada Proseware Biodegradable Cleaning Products High $600,920 $516,843
VanArsdel Compaostable Food Packaging Low $476,520 $471,755
Prosewnre N; Personal Care Products  Medium $442.430 $415.884
Proseware Sustainable Snack Packaging Medism $425,820 $400,271
Froseware Natural Personsl Care Products  Medium $413,438 $388,632
VanArsdel Compostable Food Packaging Medium $399,760 $375.774
Canada VanArsdel Compestable Food Packaging Low 5372400 $368,676
Austrotia Proseware Sustainable Snack Packaging $391,956 $368.476
Vandrsdel Compostable Food Packaging N s $362,520 $362,520

Contoso Pharmaceuticals  Biodegradable Cleaning Products $353,695 $350,158
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19 SCreensnot = limageuirdv.graoi)
N < 20 # Convert to text
3 F h‘ AI 21 text = image_to_string(screenshot)
: 22 # Parse text for email addresses
- . 23 emails = re.findall(r' [\w\.-]+@[\w\.-]+', text)
- — 24 return emails

o 'ﬁ J: L) Eaﬁ 25 }
26 def idate(addresse ]
27
28
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Model Parallelism

Tensor Parallel (TP)

Zero Redundancy Optimizer

(ZeRO)




Model Parallelism

Tensor Parallel (TP)

Zero Redundancy Optimizer
(ZeRO)

[t #2] Hugging Face — Model Parallelism
https://huggingface.co/docs/transformers/v4.19.4/en/parallelism




Model Parallelism

Tensor Parallel (TP)

Zero Redundancy Optimizer
(ZeRO)




Model Parallelism

Tensor Parallel (TP)

Zero Redundancy Optimizer
(ZeRO)




Model Parallelism

Tensor Parallel (TP)

Pipeline Parallel (PP)

Zero Redundancy Optimizer

(ZeRO)




Model Parallelism

ZeRO 4-way data parallel training

Tensor Parallel (TP)

Using:
*P,. (Optimizer state)
* P, (Gradient)
* P, (Parameters)

Pipeline Parallel (PP)

zero Redundancy optimzer RN

(ZeRO) [H#] ZeRO & DeepSpeed: New system optimizations enable training

models with over 100 billion parameters


https://www.microsoft.com/en-us/research/blog/zero-deepspeed-new-system-optimizations-enable-training-models-with-over-100-billion-parameters/
https://www.microsoft.com/en-us/research/blog/zero-deepspeed-new-system-optimizations-enable-training-models-with-over-100-billion-parameters/
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https://developer.nvidia.com/ja-jp/blog/new-video-what-runs-chatgpt/

deepspeed

A — RE A r— )LD
D, DL D5 - Hedm D
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ZeRO-DP, Pipeline Parallelism (PP), Tensor Slicing
DEHRIGHAEHE

layer reduction, quantization, activation
quantization, pruning IZ & U REZ#MIFL-F =
ETILEEEL

Inference-adapted Parallelism, Hi#&Z#EILIZL S
CUDA A—RILIE EDHEAMIZL Y. #I6 fED X
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PyTorch &EH#L., ChoZ#ITOI— FTEE
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BitFit LN Tuning
Ladder-Side

Tuning Parallel Attention Tuning

Adapters Diff-Pruning
AttentionFusion Adapters Sparse
adapters Adaper, Fish-Mask LT-SFT

et AdaMix

(A (I KonaZ, St FAR

Sparse

P O PHM Adapter o

LeTS - Adapter

Prefix-Tuning LoRa

KronA
WARP
> Spot
Intrinsic-SAID
Prompt-tuning _

Parameter-efficient fine-tuning methods taxonomy

Y/

From : “Scaling Down to Scale Up: A Guide to Parameter-Efficient Fine-Tuning”



https://arxiv.org/abs/2303.15647

Low-Rank Adaptation (LoRA)

dense layer [XfTHIFTE EEZ H 2 EMN
TZT. BEFA RV OUEEARERIIZEL
5 2 DA (175D dimension & Y /]
SN THAHAZ EAHBNATLD
ZZT. TEEzlRE
h = Wox + AWx = WOX + BAx

==L
« W, € R¥k [ pre-trained weight

matrix (&)
« AW [ updates

e BE RdXT, A€ RTXR T
rank r < min(d, k) [ B2] LoRA: Low-Rank Adaptation of Large Language Models
)

https://arxiv.org/abs/2106.09685
LEED A BDAZFESELAFIA




Low-Rank Adaptation (LoRA)

dense layer [E1THIETREEZH LM
TE. BHEARVDUNEIEIRERIZIEL
S0 DOWNE (751D dimension & Y/
ST THAZENMBNTLNS

%—

. Microsoft Azure ([CBITDETILEE CHETRENH%Z s

FiE] [ Microsoft Azure [CBITDARRIESEETILDEEE T 7> F1——>7| &8

N

BeR¥™, AeR™* T
rank r « min(d k) [H #] LoRA: Low-Rank Adaptation of Large Language Models
)

https://arxiv.org/abs/2106.09685
LEDABDAZFESEDLIFE



https://www.youtube.com/watch?v=k0lqrH8fmwg
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Bing Grounded QA

Prompt  + @ Python

process search result
Inputs
Name
b search on bing

Code

J

1 from promptflon

# process search result

> augmented qna

Inputs
Name

Prompt

= FilterTy,

Output Groundedness

The warranty for
ABC line of
products is 60

ABC line of
products is 60
days.

The warranty for
ABC line of
products is 60
days.

The warranty for
ABC line of
products is 60

ABC line of
products is 60
days.
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ND H100 v5

NDH100v5 ) —XDREIIUIE. NIV FD
TA—T I3—ZVJDEFEEFEFEDRT—ILTVvITH
SFUVRT—ILT7 9 FD ERAIE EUHPC 7—4H O— KA
(FIZERET SN TWVET, / — FH=UNVIDIAH100 x 8T
BRI TH Y. 3.2Tb/s®dMellanox HDR InfiniBand x 8
FRAWTHFGPUETRY—IL7yJLTT7a/495C
EMNARETT ., ZL DA, MLO T L—LT—49 ZFRAL
TENT=NT+—TURAEHREL, SHITV—LLRL
GPUZ S AA ) 25 D1=NVIDIAONCCLR{EES A TS
(23t LT=AIE K UHPCY —ILIZ& o T, InfiniBand4q >
A—aRY FTENFERT—FE) T4 ZFHLET,

v" NVIDIA H100 x 8 (NVLINK) &k

v Intel 58 4 t#4X Xeon Scalable Processor (Sapphire Rapids) (963 7// — k)
B

v 400Gbps NDR InfiniBand x 8 T / — K #&7= Y 3.2Tb/sDHAE ik HiE %
R

‘3 =! i ‘: - .. MinOSOft
W Azure

ND_H100_v5

4th Gen Intel Xeon Scalable

CPU Processor
(Sapphire Rapids)
- 96
GPU 8 x NVIDIA H100 (next gen
NVSwitch and NVLink 4.0)
o 1900 GiB
="
rEUE= (DDR5 DIMMS)
O—AILTARY 1000 GiB SSD

InfiniBand

400 Gbps NDR InfiniBand
(NVIDIA Quantum-2 CX7) x 8
(3.2Tb/s per VM in a non-
blocking fat-tree network)




New Azure ND H100 v5 VM series

NVIDIA H100 GPUZ 10008 fRIZE T
A4 — )L EE

NVIDIA Quantum-2 InfiniBand T

/ — FFE$&#E (NDR)

ERLAIT ) r—2 3 URITIZERET

L ND D 2O FIREAIET IV




ND H100 v5 > KRER 5 —F TIJLAIR—/N\—a 2 E1—4

< JLF GPU < JLF GPU VM
< >4 JL H100 GPU < >4 )L ND_H100 v5 VMR D Quantunn-z InfiniBand TR S 1=
NVLINK C#E#: & 11 1=8GPU #FEH#HE DOND _H100 v5 VM

HEBONDVS, BFEDHIOOGPUE TRy —ILT v T

NCCL

s F el NVLink

NVIDIA H100 Tensor Core GPU NVSwitch + NVLink 4.0 Quantum-2 InfiniBand
- 80 GB of HBM3 Memory - Between 8 local GPUs within 400 Gigabit dedicated link per GPU (3.2 Terabits/VM)
- 2x - 30x A100 performance each VM * Any to any, all to all, not over subscribed up
. S to thousands of GPUs
« PCle Gen 5, Intel Remote Host Sio T8 Sliseciion EYY . . .
+ Dynamically provisioned via VMSS

- 8 per NDv5 VM * 450 GB/s AllReduce '
* GPUDirect RDMA


https://www.google.com/url?sa=i&url=https%3A%2F%2Fdevblogs.nvidia.com%2Fnvidia-ampere-architecture-in-depth%2F&psig=AOvVaw1peo5Q1KwN5JsecEfncbCR&ust=1590630731053000&source=images&cd=vfe&ved=0CAIQjRxqFwoTCIis-6_30ukCFQAAAAAdAAAAABAG

NDv5 HI00 Al k L—= > 5 Rt =E

Feature Gen over Gen* Detail

GPU ~2.5X FP16 perf | 8x Nvidia H100 (Hopper)

GPU A =E1) ~2X bandwidth HBM3 80GB (3000 GB/sec) (estimated)
/ — MR 2X bandwidth 8x 400Gb/s 4x NDR InfiniBand
GPUZ 7= Y DNVLInkXJL—T v k 1.5X bandwidth | 900GB/s

CPU imgfc:\?e?reur;ts 2x Intel Sapphire Rapids VM= 7= 1) 96 Golden Cove a7
GPU-CPURS 465 >2X bandwidth | Lom 3 o SIETCAZ0B/s PCIE Gen 3
CPU A E ) ~2X bandwidth | CPU&7= Y 8x DDR5 4800mhz DIMMs
JABV ATV ERRY RT— 2X bandwidth 100 Gbps

A—AILRXL—P >2X capacity 36TB
O—ANLRML—PDRIL—T v hERE 2X 48GB/s

*NDm_A100 v4< ') — X (NDv4) & Ot {5 L ER
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Number of NVIDIA H100 Tensor Core GPUs

2,000

MLPerf Training v3.1 benchmark

MLPerf-LLM 175B training scale record by
Azure ND H100 v5-series
as of November 2023

4.0 mins

#2 supercomputer2{& T2{i

#1 Voo RTang F—L LTI

10.9 mins

Previous Record Azure

(MLPerf Training v3.0 - June 2023) (MLPerf Training v3.1 - November 2023)

Azure’s submission, the largest in the history of MLPerf Training, demonstrates the extraordinary progress we have made in optimizing the scale of
training." said David Kanter, Executive Director of MLCommons


https://aka.ms/AzureBlog/MLPerf3.1

Samples/s
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MLPerf Inference v3.1 benchmark

Performance on LLM GPT-J - MLPerf Inference v3.1
as of September 2023

B Azure NDv5
m On-Premise

_ Bare Metal

Server Offline

GPT-J (6B parameters, 99% accuracy)
Benchmark

FUTULIR, R7 AR ERFHSRE
0.99x-1.05x relative performance



PFLOPS

Azure ND_H100 v5h'\Top500 T3 RLICS 014 >

ND H100 v5
600 #3

#3 supercomputer all-up

500

P N~ Eagle - Microsoft NDv5, , Xeon Platinum 8480C 48C 2GHz , NVIDIA H100 , NVIDIA Infiniband NDR
cloud prowder — o
is ranked
among the W computers

400

200

ND_MIi200_v4
ND_A100 v4 NDm_A100_v4

#10 #13

#26,#27,#28,#29

10

#14

June 2021 November 2021 June 2022 November 2022 June 2023 November 2023



NC H100 v5

NCads H100 v5 1) —XI%. NVIDIA H100 NVL GPU & &

4 tH4% AMD EPYC™ Genoa At vH ZEBH L TLET,
ZDOVMIZIE, &K 2 @D NVIDIA H100 NVL GPU (FhF )
NIZ94GB DAEY £, BRSO EDETILFRALY NC_H100_v5
K AMD EPYC Milan A+t wv¥H a7, 640 GB DR T L
AFYMNABEHINALTULET, oD VM [F. ZDLS
1 EED Applied Al 77— O— FIZRETY
CPU 4th Gen AMD EPYC Genona
v GPU TEHEILENE=HPHTET—ER—X %
o ) & . i - 40/ 80
v KEDRNLEEZOENH BNy FiHH T /
v BEEHETILONL—=25 GPU 1 or2 x NVIDIA H100 NVL
vV BHEHARDITFEBRE I a2 L—2 3y (NVLink 4.0)
Y OBHEE (ML) R GPUAEY 94/ 188 GiB
v EFAONE 320/ —
v Al/ML Web H—E X . / 640 GiB
rrUE= (DDR5 DIMMS)
O—AILTF14RY 3576/ 7152 GiB SSD

B Microsoft
Bl Azure



ND_MI300X_v5

ND_MI300X_v52 1) — X%, E& L LAIEHPCO D —- O—
FIZg&#EIE SN {RETL > TT, AMD Instinct MI300X
GPUZSE L5 4 4 Intel Xeon ScalableZ7 O+ v+ 70O
tyHEREHFELTWEFT, Fr. GPUBHEYITERD
400Gbps@®NVIDIA Quantum-2 CX7 (4x HDR InfiniBand).
J— R Y32TbpsDRIL—T v FERED A V2 —a %
7F;kﬁﬁtx#—»?v7LT?7D4Té:tﬁﬂ
BETT,

v AMD Instinct MI300X x 8 (Infinity Fabric 3.0) {5

v Intel £ 4 t#4X Xeon Scalable Processor & &,

v' 400Gbps NDR InfiniBand x 8 T / — K#1=13.2Tb/sD
B f e Z iRt

B Microsoft
Nl Azure

ND_MI300X_v5

4th Gen Intel Xeon Scalable

CPU
Processor
a7 ?7?
GPU 8 x AMD Instinct MI300X
(Infinity Fabric 3.0)
- ??? GIiB
ERE—
rEUEm (16Ch. DDR5 DIMMS)
A—AILT4RY ?22?? GiB SSD

InfiniBand

400 Gbps 4x NDR InfiniBand
(NVIDIA Quantum-2 CX7) x 8
(3.2Tb/s per VM)




Azure Managed Lustre File system

Lustre 7 7 A ILV AT LIE, HPCERTLKFAINTWSERE I 7AILIURT
LTY, BWRIL—Ty rEReFIRE LGNS, RKEBEERELGZRX L—Y 4 X
AR—Y G TERA—T2oV—ZAQHAFNIT7A4IL SRATFLTY, Azure
Managed Lustre File systemTIl&, 259 F EICREBELRY A X, BWELMEEEER

FEL, Lustre 7 7A IV AT LZZRESEBHTISACENTEFET,

Azure Blob Storage & D&
LustrefEE X k L— U EE (HSM)

BLOBa Y TF+H—M0oI77A4ILDA iR— b9 5 EAATRE m.
o

AR T LELOZEREINI=T—2 %BloblZzT Y X7R—

HE

HPCA—4 X FL—2 3 20Y—)L & DE]
Azure CycleCloud

Azure Batch
Azure Kubernetes Service

75

[msadmin@admin ~]$ 1fs df -h
UUID bytes Used Available Use% Mounted on

lustrefs-MDTOOOO_UUID 598.9G 5.7M 5uU8.3G % /azure-lustre-mount[MDT:0]
lustrefs—-0STEOEOO_UUID 15.8T 1.2M 15.0T % /azure-lustre-mount[0ST:0]
lustrefs—-0STOOEO1_UUID 15.8T 1.2M 15.0T % /azure-lustre-mount[0ST:1]
lustrefs—-0STOOO2_UUID 15.8T 1.2M 15.0T % /azure-lustre-mount[0ST:2]
lustrefs—-0STOOEO3_UUID 15.8T 1.2M 15.0T % /azure-lustre-mount[0ST:3]
lustrefs-0STOOOU_UUID 15.8T 1.2M 15.0T % /azure-lustre-mount[0ST:u]
lustrefs-0STOEO5_UUID 15.8T 1.2M 15.0T
lustrefs-0STOEO6_UUID 15.8T 1.2M 15.0T
lustrefs-0STOEO7_UUID 15.8T 1.2M 15.0T

% /azure-lustre-mount[0ST:5]
% /azure-lustre-mount[0ST:6]
% /azure-lustre-mount[0ST:7]

1
1
1
1
1
1
1
1
1

filesystem_summary: 126.7T 9.9M 120.3T 1% /azure-lustre-mount
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