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Strategic Plillars
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Performance & TCO Ease of Migration Commitment to Customer
Leadership Openness | Focused
Leadership products on Drop-in compatible with Investment & participation Roadmap and support
an annual cadence with existing infrastructure for in open standards across structure geared toward

breakthrough economics hardware and software the entire ecosystem customer success



AMD Extending Leadership from GPU to Rack-Scale Infrastructure

INSTINCT

AMD Instinct™

AMD Instinct™ MI500 series
Y M|400 Series
AMD Instinct
AMD Instinct™ MI350 series = ﬁ

AMD Instinct™ MI325X = g e = AMDZ
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AMD Instinct™ MI350 Series GPU
State-of-the-Art Construction

185 Billion transistors Accelerator Complex Die (XCD)
3D Multi-Chiplet (2 chiplet types + HBM3E) " Latest TSMC 3nm (N3P) Technology

= Latest process for compute perf/watt optimization
= Max 8 per package (Max 4 per I0D)

Heterogenous process technologies

Proven COWOS-S packaging technology
Up to 1,400 watts Total Board Power (TBP)

AMD 1/0 Base Die (10D)

= TSMC 6nm FinFET (N6) Technology
= Mature process for optimal yield & cost
= Max 2 per package
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HBM3E

= Max 4 stacks per 10D (Max 8 per package)

= Up to 288 GB of HBM memory
AMD Infinity Fabric™

AP Interconnect Package

AMDZ1
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AMD Instinct™ MI350 Series Compute Units (CU)

Supported Data Formats & Generational Performance Improvements

Al Lower Precision Data Types

Computation

Vector FP16*
Matrix FP16/BF16
Matrix FP8
Matrix INT8/INT4
Matrix MXFP6/MXFP4

MI350 Series
(FLOPS/clack/CU)

256
4096
8192
8192

16834

High Performance Computing (HPC)

Vector FP64
Matrix FP64
Vector FP32*
Matrix FP32

128
128
256
256

MI355X
(Peak Theoretical)

157.3 TFLOPs
2.5 PFLOPs
5.0 PFLOPs*
5.0 PFLOPs

10 PFLOPs

78.6 TFLOPs
78.6 TFLOPs
157.3 TFLOPs
157.3 TFLOPs

MI355X Peak
Speedup!
(Compared to MI325X)

~1.0x
1.9x
1.9x
1.9x
New to MI350*

~1.0x
~0.5x
~1.0x
~1.0x

hared [ L i
type eipzzeent Ef;c\::el:i sign, implicit bit and significand
pfiloatl ||
float1e BE || o
fp8 B a2 e
OCP-FP8 (OFP8) Specification
fo8 = s JelAR T
mxfps  [IEN s 12
mxfps [INBI & e (8
mxfpe [N 2 B2 OCP MX Specification
mxfpe  IBR & 2 I8
mxfp4  [IIERT 2l
int8 | 2
int4 | .
float64 . |2 2
float32 : | 2

Peak theoretical performance without Sparsity
} Compared to MI300X  * AMD Instinct™ MI300X GPUs do not support MXFP6, MXFP4

+ Refers to non-packed vector instructions on AMD Instinct™ MI300X and MI350X Series GPUs

< AMD Instinct MI350 Series GPUs support both OFP8 format as well as OCP MX formats
¢ AMD Instinct™ MI350 Series GPUs support TF32 through software emulation

AMDA
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Integrate Into Leadership Costs Open Ecosystem
Existing Data Center and Exceptional Al and Enterprise
Infrastructure Performance Ready Al Software

AMDZU
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AMD Instinct™ MI350P PCle® Card

Deploy and Scale in Existing Data Center Infrastructure

Built for Existing Leadership GPU

Enterprise Infrastructure Architecture

AMD CDNA 4™ Architecture
128 Compute Units
_—_ \ Support for MXFP8, MXFP6, MXFP4
= 144GB HBMS3E Capacity, up to 4.0 TB/s

Dedicated Video and JPEG HW Decode
- AMDZ
INSTINCT

10.5” FHFL Dual-Slot Design
600W Passive Air-cooled
450W Power Cap Configurable
PCle Gen 5 Host Interface

.......... = AMDZ1
||||||||| |

Open Enterprise
Ready Software

Enterprise Al Reference Stack with Inference Microservices

GPU Independence with Cross Platform Interoperability

License-Free, Open Source, Standards based Software AMDZD
Broad Ecosystem to support Custom Software Stacks together we advance_



AMD Al Solution Portfolio — Air Cooled

AMDZO1
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AMDZ1
INSTINCT

EPYC™ CPU

Radeon Al PRO™

AMD Instinct™
PCle®

AMD Instinct™ UBBS8

Positioning

Use cases

Model Size* (Max)

AMD offering

Mixed Workload
General purpose + Al
Batch Inference

Inference: Classical ML,
RecSys, SLM/RAG, NLP

~ 30B per CPU

AMD EPYC 5t Gen

Mixed Workload
Edge Al + Graphics

SLM Inference / RAG / MCP
| Txt to Image / Video Al

~ 40-50B per GPU

R9700S | R9600D

Low-latency, Memory-
intensive Compute

SLM/ MLM/LLM
Inference / RAG

~ 200-250B per GPU

MI350P1

High- throughput Al at
Scale for Inference +
Training

|

|

|

|

I

|

|

i

|

|

|

| Large-scale
| LLM Inference & Training
|

|  ~up to 500B per GPU
|
|
|
|
|
|
|
|
|
|
|

MI350X | MI355X

GPUs/node 0 Up to 8GPUs per node Up to 8 GPUs per node 8 GPU per node
GPU-to-GPU N/A N/A N/A FuIIy-cc?n_nected ?-GPU
Interconnect Infinity Fabric
Me"\:ﬁg g:apzc'ty 614 GB/s per CPU 32G GDDR6 144GB HBM3e 2.3TB HBM3e
Bandwidth 6400 MT/s 640 GB/s L _41Bis _____ 8TB/s per&ﬁﬂzl
togetherweadvance_

[<]
*Model size is estimated based on FP4/MXFP4. Estimated by Al



Introducing

AMD Instinct MI400 Series GPUs

Leadership Performance, Open Standards, Gigawatt Scale

AMDZ1
together we advance



AMD Instinct™ MI1400 Series GPUs

AMD Instinct™ AMD Instinct™
Mi455X GPU Mi430X GPU
AMDZ\ \ HBM4

CONAGS Leadership capacity

AMDA
together we advance



AMD Helios Rackscale Solution
Rack Performance is Powered by AMD Instinct™ MI455X GPUs

Position the AMD Helios rackscale solution from the top down—rack to tray to EAM to die—with the

Instinct MI1455X GPU as the hardware foundation of the system.
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AMD Helios Rackscale Solution
18 trays / 72 GPUs

4-GPU compute tray

Repeatable Building Block

AMD Instinct MI455X EAM

Module-Level View

AMDAO

INSTINCT

AMD Instinct MI455X die

Silicon/Package

Per-GPU Capability

Up to 40 PFLOPs

Peak 4-bit Precision (OCP MXFP4)

Up to 20 PFLOPs

Peak 8-bit Precision (OCP MXFP6/MXFP8)

Up to 432 GB

HBM4 Memory

Up to 19.6 TB/s

Memory Bandwidth

Up to 600 GB/s

Scale out Bandwidth / per GPU

11



[ORNL] ORBIT-2: Advancing Earth System Intelligence at Exascale

EHROR[RFHITELLTLSH, 10-30 kmik D EETII /W LEER - SR M E%
+ A TRITLIZLLY

— .. KEXRIG A7 EIZIE. 1-5 kmfRk. HAWVEIFNLUTOERBREENEE
ORBIT-2M HH L. EFEEDRKRZENOSREBEDI[RENEZHTE T 5 downscalingaEIq9 5 &

E:28kmfRBED A NA A—2 H: 7TkmfiR{EE [Zdownscales = FBIFE R AMDZ1
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Tokenization Aggregation Adaptive Transformer Training Super Resolution High-Res Output
Compression Decoder ! -

Block

- ——————————————————————————

m _ Feature e g

Precipitation Feed- B A
g Embed Embed Features Features :
idity Self-

Wind speed z resolution N e s A T A
: : embedding
Temperature

" Feature

Temperature Convolutional Residual Connection

Convolution Pixel
Residual Path Up-Sampling Shuffling

Reslim Architecture
TILES Algorithm: provide efficient parallelism across GPUs at training

AMDZU

together we advance_



ORBIT-2: Exascale training and Inference

A-100 —+—95 mi!li9n
1.OE-02 <126 million

> ==
*-100% 1 billion

-4~ 10 billion

1.0E-03 e 8% = )2
DE-DS < 100% o e ——a92% " E6
e %" 4.14 ExaFLOPs

Training
Frontier £ T, AMD EPYC CPU + AMD Instinct MI250X GPU%{& F
PyTorch + ROCm 6.3.1, FlashAttention, FSDP. Tensor Model Parallelism

T KX 10B parameters, 65,536 GPUs. 4.1 EFLOPS (BF16).
74-98% strong scaling efficiency% & i,

: ~100°
1.0E-04 TH00% ;
= ° 3,52 ExaFLOPs

. - 150 - L
1LOE-05 2 D 9470 2,44 ExaFLOPs

=
=
£
]
o
-
[
-9
2
=
-
-
=
=
[
14
£
)
-
-

74%
1.0E-06 ~ 670 PetaFLOPs
512 2048 8192 32768 65536
Number of GPUs
Inference (b) Strong Scaling Efficiencies Across Models and GPUs

JTR . "days or weeks on a large supercomputer” - 0.55 sec on 10B-parameter model

ORBIT-2 based Weather and Climate Downscaling and Downscaled Global Forecasts on AMD Instinct
https://rocm.blogs.amd.com/artificial-intelligence/orbit2-inference/README.html#installation-setup-for-orbit-2-inference
https://qithub.com/silogen/ai-samples/tree/main/ai4sciences/orbit2-inference

DS
ERAT—IILTEREED FKE-KE ZHEE
GenCastiGEDFRIETILEMAEHESI LT, BRBEELGLERIRFA~NDICHOATREHERLT:
SC25 Best Paper Award / Gordon Bell Prize finalist

References
https://www.amd.com/en/blogs/2025/earth-system-modeling-with-orbit-2.html
https://rocm.blogs.amd.com/artificial-intelligence/orbit2-inference/README .html AMDZU
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[LLNL] MI300AZ AL \f-OpenFold AR B T—42 N4

FEREE T —A21E1TTIX. OpenFold3D &5 KIMEETIILOZEFIZIZFE

OpenFold3N =& 2B R E T —2%0penFold2 D #EiH TRIRIEE L
AlphaFold (x4t R L. ZBT—2%E~DF AIZHIK

ElmerFold
CPU: HIALEE- IO
GPU: OpenFold2®M # &

OpenFold 2 (w/o templates)

OpenFold 2, = " .
P ::. F:t:la:-:atmnr,;:

inferance
Sequence annm - [Moddel 3)

Model 1 paramaters
jackhmmer I11E POB mmCIFs
M4 1n- OpenFold 2 (w/ templates)
Diversity 11 n OpenFold 2, = ™ LA Structure '
filter “!: inference ": *| Relaxatio nr-: SCOrNNg |Il'

hhblits {Model 1}

MSA

{Precompuied) -
OpenFold 2&
~1.6 PiB total templates |
(~220 TIB compressed) 'Hih s I

mm CCD(CPU)
¥CD (GPU)

AMDZU
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ElMerFold

HEamEL AR
El Capitan 11,000 /—F . 44,000 MI300A APU

T4 RE
EIMerFold processes ~41 million proteins at 2,378 structures/s, achieving a 16.3x% improvement over prior
approaches and reaching 969 PFLOP/s FP32 inference performance.

72.9% parallel efficiency

b Fik
Triton + DaCe « Triton provides a portable, high-level (Python)
approach for writing efficient GPU kernels
FlashAttention-style kernels adapted to EvoFormer

« DaCe allows lower-level control of memory
operations to improve performance

Pointwise attention kernel (#residues = 256)
Time Mem.read BW Mem. write BW
Original 2.30 ms — —
Triton 1.12 ms 260.79 GB/s 14.49 GB/s
DaCe 167.76 us 3,630.00 GB/s 178.84 GB/s

AMDZU
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