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BRI QT —SFDIEN & In-Network Computing
CPU-Centric (Onload) Data-Centric (Offload)

In-Network Computing
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GPUDirect
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NVMe over Fabrics
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GPU Direct/RDMA
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GPU DirectdOxhER (GPURE(E)
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GPU Directd®xhEE (Chainer MN)

= ChainerMN depends on MPI for inter-node communication

= NVIDIA® NCCL library is then used for intra-node communication between GPUs
= | everaging InfiniBand results in near linear performance

= Mellanox InfiniBand allows ChainerMN to achieve ~72% accuracy.
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Source: http://chainer.org/general/2017/02/08/Performance-of-Distributed-Deep-Learning-Using-ChainerMN.html
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= Barrier, Reduce, All-Reduce, Broadcast
= Sum, Min, Max, Min-loc, max-loc, OR, XOR, AND
= Integer and Floating-Point, 16 / 32 / 64 bit

X Scalable Hierarchical Aggregation and Reduction Protocol
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